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Readings

® Next Class Monday, Oct 7

® Bringsjord, S., Govindarajulu, N. S, Banerjee, S., and Hummel, J.
(2018) “Do Machine-Learning Machines Learn?”

® Available here: http://kryten.mm.rpi.edu/
SB_NSG_SB_JH DoMachine-
LearningMachinesLearn_preprint.pdf

® Next Thursday Oct 10

® Bringsjord, S. & Bringsjord,A. (2017) “The Singularity Business:
Toward a Realistic, Fine-grained Economics for an Al-Infused
World”

® Available here: http://kryten.mm.rpi.edu/
The_Singularity Business.pdf



http://kryten.mm.rpi.edu/SB_NSG_SB_JH_DoMachine-LearningMachinesLearn_preprint.pdf
http://kryten.mm.rpi.edu/SB_NSG_SB_JH_DoMachine-LearningMachinesLearn_preprint.pdf
http://kryten.mm.rpi.edu/SB_NSG_SB_JH_DoMachine-LearningMachinesLearn_preprint.pdf
http://kryten.mm.rpi.edu/SB_NSG_SB_JH_DoMachine-LearningMachinesLearn_preprint.pdf
http://kryten.mm.rpi.edu/The_Singularity_Business.pdf
http://kryten.mm.rpi.edu/The_Singularity_Business.pdf
http://kryten.mm.rpi.edu/The_Singularity_Business.pdf

The Singularity Supposedly
Approaches because ...



The Singularity Supposedly
Approaches because ...



The Singularity Supposedly
Approaches because ...

A:
Premise 1 There will be Al (created by HI and such that AI = HI).



The Singularity Supposedly
Approaches because ...

A:

Premise 1 There will be Al (created by HI and such that AI = HI).
Premise 2 If there is Al, there will be AIT (created by AI).



The Singularity Supposedly
Approaches because ...

A:

Premise 1 There will be Al (created by HI and such that AI = HI).
Premise 2 If there is Al, there will be AIT (created by AI).
Premise 3 If there is AIT™, there will be AI™" (created by AIT).



The Singularity Supposedly
Approaches because ...

A:

Premise 1
Premise 2
Premise 3

S

There will be AI (created by HI and such that AI = HI).
If there is AI, there will be AIT (created by AI).

If there is AIT™, there will be AI™" (created by AIT).
There will be ATT* (= S will occur).



The Singularity Supposedly
Approaches because ...

A:

Premise 1
Premise 2
Premise 3

S

There will be AI (created by HI and such that AI = HI).
If there is AI, there will be AIT (created by AI).

If there is AIT™, there will be AI™" (created by AIT).
There will be AIT™™ (= 8§ will occur).



The Singularity Supposedly
Approaches because ...

A:

Premise 1
Premise 2
Premise 3

S

There will be AI (created by HI and such that AI = HI).
If there is AI, there will be AIT (created by AI).

If there is AIT™, there will be AI™" (created by AIT).
There will be AIT™™ (= 8§ will occur).

(Good-Chalmers Argument)

(Kurzweil is an “extrapolationist.”)



The Singularity Supposedly
Approaches because ...

A:

Premise 1
Premise 2
Premise 3

S

There will be AI (created by HI and such that AI = HI).
If there is AI, there will be AIT (created by AI).

If there is AIT™, there will be AI™" (created by AIT).
There will be AIT™™ (= 8§ will occur).

(Good-Chalmers Argument)

(Kurzweil is an “extrapolationist.”)




Moore's Law

The Fifth Paradigm Logarithmic Plot
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This chart, from Kurzweil's The Singularity Is Near (2005), shows the exponential progress of computing
across five technologies. Integrated circuits have continued to follow the trend since the book was
published but may soon encounter new physical limits. Will they be succeeded by a sixth paradigm?
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The Entscheidungsproblem:

Llama(larry) — Jz(Llama(x)) Yes, proof

> >

input output

Not just hard: impossible, in the general
case, for a (and this needed to be invented
in the course of clarifying and solving the
problem) standard computing machine.
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The Good-Chalmers Argument

A:

Premise 1 There will be Al (created by HI and such that AT = HI).
Premise 2 If there is Al there will be AI™ (created by AI).
Premise 3 If there is AIT, there will be AIT* (created by AIT).

S There will be AI™" (= S will occur).

Houston, we have a problem:

Theorem: No computing machine M
can create a computing machine M’
genuinely more powerful than M.



Applying this to ...
The Singularity Question

So, these super-smart machines that will
be built by human-level-smart machines,
they can’t possibly be smart enough to
solve the Entscheidungsproblem. Hence
they’ll be just faster at solving problems
we can routinely solve! What's so super-
smart about that?
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